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Abstract. Regional monitoring of rock slope failures using the seismic technique is rarely undertaken due to

significant source location errors; this method also still lacks the signal features needed to understand events of
this type because of the complex mass movement involved. To better comprehend these types of events, 10 known
events along highways in Taiwan were analyzed. First, a hybrid method (GeoLoc) composed of cross-correlationbased and amplitude-attenuation-based approaches was applied, and it produced a maximum location error of
3.19 km for the 10 events. We then analyzed the ratio of local magnitude (ML ) and duration magnitude (MD ) and
found that a threshold of 0.85 yields successful classification between rock slope failure and earthquake. Further, GeoLoc can retrieve the seismic parameters, such as signal amplitude at the source (A0 ) and ML of events,
which are crucial for constructing scaling law with source volume (V ). Indeed, Log(V ) = 1.12 ML + 3.08 and
derived in this study provide the lower bound of volume estimation, as the seismic parameters
V = 77 290 A0.44
0
based on peak amplitudes cannot represent the full process of mass loss. Second, while video records correspond to seismic signals, the processes of toppling and sliding present column- and V-shaped spectrograms,
respectively. The impacts of rockfall link directly to the pulses of seismic signals. Here, all spectrogram features of events can be identified for events with volumes larger than 2000 m3 , corresponding to the farthest
epicenter distance of ∼ 2.5 km. These results were obtained using the GeoLoc scheme for providing the government with rapid reports for reference. Finally, a recent event on 12 June 2020 was used to examine the GeoLoc
scheme’s feasibility. We estimated the event’s volume using two scalings: 3838 and 3019 m3 . These values were
roughly consistent with the volume estimation of 5142 m3 from the digital elevation model. The physical processes, including rockfall, toppling, and complex motion behaviors of rock interacting with slope inferred from
the spectrogram features were comprehensively supported by the video record and field investigation. We also
demonstrated that the GeoLoc scheme, which has been implemented in Sinwulyu catchment, Taiwan, can provide fast reports, including the location, volume, and physical process of events, to the public soon after they
occur.
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Introduction

Failures caused by the instability of rock mass are the most
common geohazard in mountainous terrain. For this type of
mass movement, rock instability can refer to the falling, toppling, slumping, sliding, spreading, creeping, or avalanche
of the mass block (Varnes, 1978). A lack of direct observations in the field leads to a challenge in determining the
type of mass movement. In general, a rockfall involves physical processes, such as detachment, falling, rolling, bouncing, and fragmentation. It mainly interacts with the substrate,
not necessarily with other moving fragments. A rockslide is
usually due to instability along a bedding plane or a discontinuous, weakened structure, and failure is often associated
with a complex mechanism. A rock topple is forward rotation and overturning of the rock body (Hungr et al., 2013).
Here, we use the term “rock slope failure” (RSF) to represent the aforementioned terms, including rockfall, rockslide,
and rock topple along the highways, which can potentially
cause damage to humans and the environment.
RSFs that occur along the highways may threaten road
users and damage the road and facilities. Thus, it is essential to get precise information about the timing, location, and
moving volume of such events within a short time for the
purpose of issuing warnings and understanding the physical process of failures for the assessment of hazard management, field survey, and slope protection after events. Recently, the seismic technique has been widely used for those
purposes for RSF events, not only at a local scale (Vilajosana
et al., 2008; Helmstetter and Garambois, 2010; Zimmer et al.,
2012; Zimmer and Sitar, 2015; Dietze et al., 2017; Le Roy
et al., 2019) but also at a regional scale (Dammeier et al.,
2011; Manconi et al., 2016; Fuchs et al., 2018). In the case
of a free-fall event, the leading seismic signals corresponding to crack propagation and rock impact occupy a higherfrequency band than the signals induced by rock detachment
and rebound (Levy et al., 2011; Dietze et al., 2017; Le Roy
et al., 2019). A series of field-scale block rockfall experiments were conducted to generate signal templates related
to the rolling, bouncing, and impacting of a single block
mass, with their respective pulse features shown in the time–
frequency spectrograms. During rock fall, the mass particle
might be fragmented, and the individual particles not only
interact with the topographic surface but also collide with
each other (Hilbert et al., 2017; Saló et al., 2018). Based on
a combined analysis of the seismic signals and high-speed
video cameras, Saló et al. (2018) found that the impact of
large rock boulders on a slope can generate lower-frequency
seismic signals than the impact corresponding to the process
with fragmented blocks. Then, for the sliding phase, Manconi et al. (2016) indicated that the spectrograms induced
by sliding-controlled behavior exhibit the traditional triangular shape, which is the same feature as that of landslides
(Chen et al., 2013; Hibert et al., 2014) and snow avalanches
(Suriñach et al., 2005). Recent studies also concluded that
Earth Surf. Dynam., 9, 505–517, 2021

massive, rapid landslides, which include the processes of
acceleration and deceleration, could generate strong longperiod (10–150 s) seismic signals (Ekström and Stark, 2013;
Chao et al., 2017). By contrast, the on-site seismic signals of
RSFs with frequencies up to 50–100 Hz would be very helpful in exploring the source dynamics. However, most of the
studies based on regional seismic networks focused on lower
frequencies ranging from 0.1 to 20 Hz due to the attenuation
effect of wave propagation (Deparis et al., 2008; Dammeier
et al., 2011; Manconi et al., 2016; Fuchs et al., 2018), resulting in an imperfect understanding of the physical process of
RSF.
Some studies have proposed a fully automatic scheme for
locating and estimating the size of landslides (Chao et al.,
2017), rockslides (Manconi et al., 2016; Fuchs et al., 2018),
lahar (Kumagai et al., 2009), and debris flows (Walter et al.,
2017) for rapid response purposes. At present, there are two
main approaches to scanning the location of an RSF: the
cross-correlation (CC) method and the amplitude source location (ASL) method. CC has been applied to sources with
unclear phases in seismic arrivals, but this technique is susceptible to the regional velocity model, station coverage, and
signal-to-noise ratio (SNR) of observed signals (Chen et al.,
2013; Hibert et al., 2014), which are factors that influence location error. In contrast to CC, ASL does not require a priori
knowledge of the velocity structure with inversion way and
can estimate not only the source location but also the seismic parameters, such as the anelastic attenuation of seismic
waves (α) and seismic amplitude at the source (A0 ) (Aki and
Ferrazzini, 2000; Jones et al., 2013; Röösli et al., 2014; Ogiso
and Yomogida, 2015; Walter et al., 2017). However, ASL significantly relies not only on large bursts of seismic amplitude,
which are influenced by the site conditions, but also on the
distribution of the epicenter distance between each station
and the source.
In this study, we develop the GeoLoc scheme which can
determine the location of a geohazard, classify the source
type, estimate the event volume (V), and may offer information about the physical process of RSF events. Thus, the
information yielded by the GeoLoc scheme may make rapid
reports to the government possible. The method of location
determination also uses GeoLoc by combining the CC and
ASL techniques with horizontal and vertical seismic signals.
In this case, 10 RSFs with volumes ranging from 108 to
164 000 m3 that occurred along highways (see Table S1 and
Sect. S1 in the Supplement) and were documented by the Directorate General of Highways (DGH) in Taiwan are used to
explore the feasibility of GeoLoc. Further, the retrieved seismic parameters, A0 from ASL and local magnitude (ML ) are
used with event volume to build regressions for volume estimation. Recently, a simple scaling between the source magnitude and volume has been well established, covering a wide
range of source volumes from 100 to 106 m3 . However, there
is a scatter trend in the data distribution for volumes ranging
from 102 to 105 m3 (Le Roy et al., 2019), which is shown in
https://doi.org/10.5194/esurf-9-505-2021
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Figure 1. The research area and distribution of seismic stations and 10 rock slope failures (RSFs, yellow stars): (a) topographic map of

Taiwan showing the three provincial highways (red lines) and BATS/CWB stations (blue squares); (b) Liwu catchment, the east flank of the
central provincial highway, and the temporary seismic network (L-NET, pink squares); (c) Sinwulyu catchment, the east flank of the southern
provincial highway, and the temporary seismic network (S-NET, pink squares). The data of the digital terrain model (DTM) of Taiwan and
two catchments are from the Government Open Data Platform, Taiwan.

this research. Moreover, with available videos published on
public platforms (Table S2 in the Supplement), we demonstrated that important physical processes related to seismic
signals could be clarified – when the farthest epicentral distance is less than 2.5 km from events of at least 2000 m3 . After the successful feasibility test of 10 events, a recent RSF
event that occurred on 12 June 2020 was used to underscore
the implications of the potential use of this rapid reporting
system of RSF events that occur on slopes near highways.

2

Background setting and seismic data

Taiwan is located at the boundary of the Eurasian Plate and
the Philippine Sea Plate (Fig. 1a), resulting in complex tectonic structures and high seismicity. The combined effect of
extreme climate-forced erosion and strong earthquake shaking frequently causes RSF events. Vehicular traffic along
three provincial highways, which cross the island of Taiwan
from east to west, suffers from the potential threat of RSFs,
especially at Taroko National Park along the east flank of
the central cross-island highway, which attracts more than
4 million tourists every year. Thus, a rapid RSF report system is sorely needed for the safety of highway travelers. In
practice, after RSFs occur on highways, the materials blocking the road are cleared and unmanned aerial vehicle (UAV)
surveys are routinely performed by DGH. Some events can
be captured by video and/or recorded by eyewitnesses. The
above information allows us to obtain preliminary data about
an RSF, such as the location, occurrence time, volume,
and its physical process. Additionally, the Broadband Array
https://doi.org/10.5194/esurf-9-505-2021

in Taiwan for Seismology (BATS) seismic network, maintained by the Institute of Earth Sciences of Academia Sinica
(IESAS) (Kao et al., 1998) and the Central Weather Bureau (CWB), is well distributed throughout Taiwan and provides high-quality seismic records for studying RSFs. The
present broadband seismic network provides an opportunity
to monitor RSFs. However, the primary purpose of this network is to monitor earthquakes. To enhance the station coverage along the highways for the high-risk areas (Crespi
et al., 1996; Petley, 1998), temporal seismic arrays have been
set up since March 2015 in Liwu catchment (shown as LNET in Fig. 1b), consisting of one broadband seismometer (Güralp CMG-6TD; LW01 station) and four short-period
sensors (Kinkei KVS-300; stations LW02-LW05), and in
Sinwulyu catchment (shown as S-NET in Fig. 1c), consisting of seven broadband seismic stations (Nanometrics Trillium Compact: CLAB, DLNB, WLUB and XAMB; Güralp
CMG-6TD: SW01-SW03). Thus, a total of 13 BATS/CWB
broadband stations and 12 temporal stations are used in this
study.

3

Flowchart of the GeoLoc scheme

This research presents a flowchart showing the specific steps
involved in a near-automatic scheme (GeoLoc). The GeoLoc scheme consists of a four-step automatic procedure:
(1) data preprocessing, (2) location process, (3) source classification, and (4) volume estimation (dashed rectangles in
Fig. 2). However, manual time–frequency analysis is necessary to extract the frequency band of band-pass filtering, the
Earth Surf. Dynam., 9, 505–517, 2021
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Figure 2. Flowchart of the GeoLoc scheme, including data preprocessing, location process, source classification, and volume estimation. All

steps are automatic except the steps with gray shading, which involved a manual check in this research. fL and fH are the respective lower
and upper band of the band-pass filtering. (X, Y )ASL/CC−H/Z is the best location from the ASL or CC with horizontal or vertical components.
(σ X, σ Y )ASL/CC−H/Z are those location uncertainties based on the relative fitness over 0.95. N is the number of results from methods with
components (total: N = 4) whose location error is less than the 5 km threshold. The result with the minimum location error defines the best
location.

signal duration, and the physical process. The first of the two
procedures are addressed in Sects. 3.1 and 3.2, respectively.
Once the best location of the source is determined, the classification of the source type is required. We analyzed the ratio of local magnitude and duration magnitude (ML /MD ) for
the source classification and established scaling laws of V ,
ML , and A0 to estimate the event volume for the detected
RSF event (see Sect. 4.2). The current GeoLoc scheme does
not involve analyzing the physical process in automatic implementation (see Sect. 4.3). However, the optional time–
frequency analysis could provide an event’s physical process based on the spectrogram features, such as V-shaped,
column-shaped, and pulse-like patterns. The GeoLoc scheme
can be operated as a partly automatic monitoring system that
delivers rapid reports providing the best source location and
volume of the event to the road users and government for
RSF hazard assessment and mitigation. Comprehensive details are given in the following sections.
3.1

Data preprocessing

Based on the occurrence time and location of RSFs documented by the DGH, the three-component seismic recordEarth Surf. Dynam., 9, 505–517, 2021

ings from nearby stations with a 180 s length window can be
cut and then undergo preprocessing, including removing the
mean and linear trend. Further, the time–frequency spectrograms are constructed. In the present study, a filtering range
is selected that can effectively explain the strong power spectral density (PSD) distributed in the time–frequency map of
all stations. A series of spectrogram analyses utilizes the Stransform (Chen et al., 2013). Figure 3 shows an example of
the determination of the filtering range for Event S4. The
spectrogram of ELDB station shows a strong PSD with a
wide frequency range of 1–30 Hz. In contrast, the PSD distribution of SYNB station is contained at frequencies below 8 Hz, while the high-frequency signals should decay due
to the attenuation of seismic wave propagation. Indeed, cutoff frequencies of 1–8 Hz which fit to all stations recording
Event S4 are used in the band-pass filter. Other events inherit their filtering range the same way and are shown in
Figs. S1–S4 in the Supplement. We then compute the rootmean-square (RMS) amplitudes of the filtered horizontal (N–
S and E–W) and vertical waveforms and extract the horizontal and vertical envelope functions from the filtered RMS
waveforms. Only when envelope functions have an SNR
higher than 1.5, and the detected station number is over two,
https://doi.org/10.5194/esurf-9-505-2021
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Figure 3. Recorded waveform and spectrogram of Event S4. The value next to the waveform is the peak ground velocity (PGV) for each

signal. The bright area of the spectrogram is the range of the band-pass filter (1–8 Hz, fL to fH ), which should cover the signals of all stations
recorded during the event.

is the GeoLoc location process is considered. The SNR is
calculated from the ratio between short-term and whole-term
(180 s in time length) averages. The short-term average is the
average value of a ± 5 s time window whose center is the
peak envelope amplitude.
3.2

Location process

In the GeoLoc location process, events are detected by at
least two stations with signal-to-noise ratios (SNRs) exceeding 1.5 in the envelope functions. GeoLoc combines
the cross-correlation (CC) method (Chen et al., 2013) and
the amplitude source location (ASL) method (Walter et al.,
2017) using the vertical and horizontal envelope functions
for source location determination. The ASL technique not
only locates the event but also provides the seismic parameters of the signal amplitude at the source (A0 ) and signal
decay constant (α) based on the best fit of the amplitude decay curve by using a least squares scheme, which represents
https://doi.org/10.5194/esurf-9-505-2021

the peak amplitude at ith station (Ai ) decay with increasing
source-to-station distance (ri ) (Eq. 1). This ASL approach is
available only when the epicentral distance is well distributed
for a large number of stations. On the other hand, the CC approach relies on each station pair’s waveform similarity. For
each station pair of vertical and horizontal envelope function, the maximum normalized cross-correlation coefficient
was calculated and the source location could be found by
minimizing the cross-correlation amplitude misfit with each
searching grid. Details on the CC method can be found in
Chen et al. (2013). However, the CC approach needs a velocity model to compute the theoretical travel-time difference
between two stations. In contrast, ASL does not require prior
knowledge of the velocity structure. Compared with ASL,
the CC method only produces an event location. A threedimensional velocity model of Wu et al. (2007) is adopted
in this study. A ± 25 s time window is used for the location process, and its center is the peak envelope amplitude
(black traces shown in Fig. 4). A grid point on the free surEarth Surf. Dynam., 9, 505–517, 2021
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Figure 4. The result of CC and ASL in events S4 and N 1. The left panel is the horizontal and vertical envelope function of the detected
stations for events S4 and N1. The black lines with 50 s signals are used in the CC. The right panel is the result of the CC and ASL with a
horizontal and vertical component. The circle and diamond symbols present the best result of the CC and ASL, respectively. The black dashed
lines are the contour of a relative misfit of 0.9. The uncertainty of the location is estimated based on the standard deviation of longitude and
latitude for the source grid points with a relative misfit higher than 0.95.

face topography with 0.01◦ spacing is established for the location search. For the ASL method, we assume surface waves
are the dominant seismic wave type induced by RSFs (Dietze et al., 2017), so an n value in Eq. (1) of 0.5 (n = 1 for
body waves and n = 0.5 for surface waves) is used to account
for the amplitude attenuation due to geometrical spreading.
Thus, there are only two unknown parameters of A0 and α in

Earth Surf. Dynam., 9, 505–517, 2021

Eq. (1).
Ai (r) =

A0 −αri
e
rin

(1)

The GeoLoc scheme was applied to determine the CC location (XCC , YCC ) and the ASL location (XASL , YASL ) simultaneously by minimizing the misfit functions for events.
The misfit functions used in ASL and CC approaches are
https://doi.org/10.5194/esurf-9-505-2021

J.-M. Chang et al.: Locating rock slope failures along highways and understanding their physical processes

calculated from discrepancies in the peak envelope amplitude and cross-correlation amplitude, respectively. The relative fitness value is then defined by the normalized misfit
functions with ranges from 0 to 1. We then compute the uncertainties (σ XASL/CC , σ YASL/CC ) of location results using
the standard deviation of longitude and latitude for the source
grid points with the relative fitness value higher than 0.95.
Then, the location result of the grid point with the highest
relative fitness is chosen as the best solution. To understand
the relationship between location uncertainty and location error, it is necessary to find the location error between the true
location and the resulting source location. We found that the
resulting locations with uncertainties (σ X and σ Y ) less than
5 km exhibit small location error (< 3.19 km). Thus, a threshold of location uncertainty of 5 km is used, and only location
results satisfying this threshold are available and discussed
later in the next section. For an event, the combination of two
methods (CC and ASL) and two envelope functions (horizontal and vertical) can offer four location results, so the total
amount of available result location (N) is four. We characterize the quality of a solution for the RSF event based on the
N value. The quality level labels are A: 3 ≤ N; B: 1 ≤ N < 3;
and C: N = 0. The best source location result for each RSF
is determined by the minimum uncertainties from N of the
available result locations. In Event S4, the three results’ locations satisfy the uncertainty threshold (red frame in Fig. 4),
so the location quality is A. The best source location result
is then produced by the ASL with a vertical envelope. For
Event N1, N equals 2 and belongs to the quality level B.
The best location is the output of the CC with a horizontal
envelope.
4
4.1

Results and discussion
Location

After analyzing 10 RSFs along highways, the events with
quality levels A (events S4 and M3) and B (events S1,
S3, S6, and N1) that occurred during the non-typhoon period were determined with location errors between 0.97 and
3.19 km (Fig. 5a). The volume of these events is higher than
2000 m3 (Table S1). A small event size and a high background noise level, which result in poor waveform quality, causing the location quality level C, are two significant
factors contributing to location error. For example, the two
smallest events with a volume of 108 m3 (Event S5) and
400 m3 (Event M2) exhibit a high location error of 3.76 and
44.14 km, respectively. Even though Event M1 is the largest
event, it can lead to a large location error of 23.61 km because of the high background noise level during the typhoon
period with a low SNR value at each station (Table S1).
A hybrid GeoLoc provides a functional event location for
the different station coverage conditions and the distribution
of epicentral distances. In general, the CC method mainly relies on station coverage. Thus, Event S4 shows that location
https://doi.org/10.5194/esurf-9-505-2021
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uncertainty has a clear trend along the station gap, existing
in the northeast-to-southwest direction. However, there is a
relative lack of influence on the result derived from the ASL
method (Fig. 4). On the contrary, Event N 1, with proper station coverage, still leads to a high location uncertainty in the
ASL case which underscores that a well-distributed epicentral distance is a crucial factor for the ASL method. A previous study also demonstrated that the site amplification could
strongly influence the location result (Walsh et al., 2017). At
a local-scale area, site amplification factors for the specific
station can be estimated easily by the ratios of coda amplitudes relative to a reference station (Kumagai et al., 2009).
However, the aim of this study is to propose a rapid system
to provide information about the timing, location, and moving volume of such events within a short time to the highway
authority. For the seismic stations along highways, it is difficult to select a reference station, which will be a challenge
to comprehensively investigate the site amplification based
on the method adopted in Kumagai et al. (2009). In Taiwan,
recent studies (Lai et al., 2016; Kuo et al., 2018) on the site
amplification for the existed seismic network have been accumulated. The site effect of our station can be corrected, and
this will need to be done in our future studies.
4.2

Source discrimination and volume estimation

For rapid RSF hazard assessment along roads, successful
source classification and event size estimation are needed.
Manconi et al. (2016) proposed that the ratio between the
local magnitude (ML ) and the duration magnitude (MD )
(ML /MD = 0.8) could effectively distinguish a rockslide
event from earthquake sources. To further examine the
threshold of ML /MD in our case, we selected 10 local earthquakes from the CWB catalogue (Table S3 in the Supplement) and collected seismic records of earthquakes from
BATS and S-NET stations. We applied the same analysis procedures as in the RSF event, and all earthquakes analyses
resulted in location quality levels of A or B. For both earthquakes and RSFs, the magnitude scales of ML and MD for the
best location are computed, and the ratio of ML /MD is then
derived (see Sect. S3 in the Supplement). In the case of the
earthquakes, the average ML /MD ratio is 0.98, with a minimum value of 0.86. For the RSFs, ML /MD ratios are 0.24 on
average, and they never exceed 0.82. Thus, the threshold of
ML /MD of 0.85 is used to distinguish RSFs and earthquakes
(Fig. 5b). We also found that the relationship between ML
and MD in local earthquakes is consistent with the regression line derived in Shin (1993) (see Sects. S3 and S5 in the
Supplement).
To mitigate the hazards caused by RSFs, rapid determination of source volume is essential for making emergency responses. We first build an empirical relation of
Log(V ) = 1.12 ML + 3.08, as shown in Fig. 5c. The ASL
method in the GeoLoc location process can provide the seismic amplitude at the event source (A0 ), which is an addiEarth Surf. Dynam., 9, 505–517, 2021
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Figure 5. Results of the location process by the GeoLoc scheme, ML /MD of the RSFs and earthquakes, scaling of seismic parameters,

and source volumes. (a) Results of location quality levels A and B from GeoLoc and their location uncertainties. The numbers beside the
station names shown in the top-right corner are the SNR values for the horizontal (blue) and vertical (orange) envelopes. The symbol in the
white box is the best location result, and the value beside the symbol indicates the location error. (b) ML /MD of RSFs and earthquakes; a
horizontal dashed line indicates the ML /MD threshold of 0.85 used in this study. The relationships of (c) the event volume (V ) and ML and
(d) the event volume (V ) and A0 . The black circles show the A0 extracted from the best location result. The open circles are the peak ground
velocity (A00 ), extracted from the nearest stations. Event M1 is excluded from the regression analysis due to its high location error. The data
of the digital terrain model (DTM) of Taiwan are from the Government Open Data Platform, Taiwan.

tional parameter in estimating event size. Before exploring
the relationship between V and A0 , a test was conducted to
investigate the influence of location uncertainty on the A0
value. After making the amplitude correction of A0 for the
specific events (see Sect. S4 in the Supplement), we further
established a simple power scaling of V = 77 290 A0.44
with
0
a linear correlation coefficient (R) of 0.68 (Fig. 5c) and A0
ranging from 1.60 × 10−5 to 6.61 × 10−2 cm s−1 (Table S1).
However, the volume estimate from the two scalings could
be underestimated because both ML and A0 were derived
based on the peak amplitude. We expected that ML and A0
were sensitive to the moment of the highest energy release,
such as the most significant boulder impact from a sequence

Earth Surf. Dynam., 9, 505–517, 2021

of rockfalls or the rock mass impact on the slope/road from
the toppling event, which cannot represent the entire process.
Thus, the estimation from ML −V and A0 −V offer the lower
bound for total volume loss.
Another parameter α is linked to the seismic energy lost
due to attenuation along with wave propagation. We collected the α values from three events (Table S4 in the Supplement), where their ASL results yielded the location uncertainty threshold. The result indicates that the attenuation
is more rapid in the Sinwulyu catchment than in the Liwu
catchment due to the geological background (see Sect. S4 in
the Supplement).

https://doi.org/10.5194/esurf-9-505-2021
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Figure 6. Spectrogram of five events and the classification of physical processes by spectrogram features, frequency, and duration. The

rows are separated for the different scales of failure volumes. (a–e) Spectrograms of different events. The panel headings show the event
number, the physical process, and the starting time of the x axis. The text in the top right displays the station name with the component and
the epicentral distance (km). The purple bars above panels (a), (b), and (e) are the durations (in seconds) of the video with the time points
(Table S2). (f) Sliding and toppling processes are distinguished by the frequency and event duration.

4.3

Physical process

Most of the RSFs were recorded by cameras and/or documented by news reports (Table S2), which provided an advanced understanding of the relation between the physical
processes and the associated seismic signals. Based on events
with a comprehensive video of the above observations, we
can classify physical processes due to their different behaviors: (i) fast and large mass sliding, (ii) complex interactions between the rock mass and propagation surface, and
(iii) intact rock detached from the cliff. For Event S4, a video
camera captured the phases corresponding to the falling,
bouncing, fragmenting, and impacting of multiple rock boulders during the initial stage. Approximately 19 s later, debris rapidly slid downward and deposited on the slope and
road. At the termination stage, a few boulders fell. Before
the comparison between the seismic signals and video, we
collected the spectrogram from the closest station (ELDB;
epicentral distance is 1.26 km) for Event S4 and found the
time point (19 s in the video shown at the top of Fig. 6a to
07:03:31 UTC) associated with the strongest PSD values. We
assume that rapid debris mass sliding contributes to stronger
PSD amplitudes. During initiation and termination, a relatively weak PSD amplitude is observed at frequencies lower
than 2 Hz. Similarly, in the beginning, the video of Event N 1
shows a rock mass sliding down from the scarp continuously,
which can redistribute stress acting on the sliding surface.
Finally, the large mass moves rapidly downward. Again,
https://doi.org/10.5194/esurf-9-505-2021

we align the timing (24 s in the video to 01:08:39 UTC) of
the peak PSD value with the large mass movement inferred
from the video. The closest station, YHNB, is 8.7 km from
Event N1. Indeed, high-frequency signals decay rapidly with
increasing propagation distance, resulting in seismic energy
with a frequency content below 10 Hz and a short signal duration of 15 s. We also found that SW02 for Event S4 with
an epicentral distance of 7.70 km exhibits a similar spectrogram pattern (Fig. 3) to YHNB (Fig. S4). We can demonstrate that the signals from stations at greater epicentral distances cannot capture the event’s full process, leading to
discrepancies between the event durations detected by the
video and the seismic records. In the case of a small-sized
event (Event S6), there is no visible lower-frequency signal (< 2 Hz) observed at the nearest station, SW02 (Fig. 6d).
Thus, only large mass sliding (MS) can cause a relatively low
frequency of 1–3 Hz (MS shown in Fig. 6a and b), which coincides with the findings of a recent landslide study (Zhang
et al., 2020). The interaction of the rock mass (IRM) acting on the slope favors the generation of higher frequencies
(> 3 Hz; Deparis et al., 2008; Zimmer et al., 2012; IRM as
shown in Fig. 6a, b, and d). Temporal changes in mass removal related to the aforementioned physical processes usually exhibit the V-shaped spectrogram (Fig. 6a, d) observed
by the nearby stations.
For Event S2, we align the timing (57 s in the video to
08:43:27 UTC) of the peak PSD value with the impact in-
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ferred from the video. The video shows apparent crack nucleation before the toppling. In the beginning, the leading
seismic phase of 2 Hz is associated with the intact rock being detached from the cliff (white box shown in Fig. 6e),
which may correlate to the seismic response from the hillslope. This leading phase could easily be detected in the slopescale monitoring of rockfall (Le Roy et al., 2019). The total
duration associated with the detachment to deposition of approximately 16 s is consistent with the signal duration identified from the spectrogram of ELDB station (50 to 66 s in the
video shown in Fig. 6e). Notably, compared to the spectrogram for the sliding-dominant behavior, that for the toppling
process exhibits a column shape (T phase shown in Fig. 6e),
showing a wide range of frequencies. Similarly, Event M3,
which corresponds to the detachment and impact mechanism
(e.g., an overhanging rockfall whose impact behavior is similar to toppling), also creates column-shaped spectrograms
(Fig. 6c). For the two smallest RSFs (events S5 and M2)
without video, we also conducted a combined analysis based
on spectrograms and field photos, and we found that the
pulse-like spectrogram features can be linked to the impacts
of small-to-large sized boulder masses (see Sect. S5 in the
Supplement).
In summary, seismic signals can provide an additional
constraint on source physical processes, but they are influenced by the magnitude of the source and the source-tostation distance, which controls the radiation and attenuation
of seismic waves. Rapid, massive sliding events with volumes above 5000 m3 show a specific seismic phase of MS.
Furthermore, the complex interaction of a sliding rock mass
exhibits relatively high-frequency signals; this is termed the
IRM phase. The transition zone between IRM and MS is
approximately 2–3 Hz. IRM can be over 20 s for volumes
larger than 2000 m3 , corresponding to the farthest epicenter distance of ∼ 2.58 km. Moreover, V-shaped spectrograms
are induced by the combination of IRM and MS phases,
which could be detected only by the closer stations. For
an event acting with the toppling process and/or impactdominant mechanism, the giant boulder mass directly impacts the ground and exhibits column-shaped spectrograms,
which are up to 30 Hz (T phase). Our simple typology of
physical processes based on seismic features in signal duration and frequency content recorded by the closer station (epicenter distance less than 2.5 km) is summarized in
Fig. 6f. Indeed, our typology is unavailable when the distance is larger than 2.5 km. For example, the V-shaped spectrogram feature cannot be captured by the YHNB station for
Event N1 with MS behavior.
4.4

GeoLoc scheme applied for rapid report

To test how the GeoLoc scheme, which is composed of
source classification, volume estimation, and extraction of
physical process, can provide a rapid report, an event that occurred at 01:09 UTC on 12 June 2020 was used. This event
Earth Surf. Dynam., 9, 505–517, 2021

was only recorded by the BATS seismic station of TDCB (the
epicentral distance of ∼ 600 m). Thus, the location process
of the GeoLoc scheme cannot be examined. However, the
seismic signals of a closer station would help evaluate the
feasibility of carrying out source classification and volume
estimation and understanding the event’s physical process.
With a priori knowledge of source location, we directly compute the seismic magnitude. The result shows the ML and
MD of 0.36 and 2.75, respectively. A ML /MD of 0.13 can
yield successful source identification using the threshold of
0.85 proposed in this study. Furthermore, we utilize the peak
amplitude of 1.09 × 10−3 cm s−1 recorded by TDCB station
as the A0 value for the volume estimation. Application of two
regression scaling relations derived in this study (Fig. 5c, d)
yield the source volumes (V ) of 3838 and 3019 m3 , respectively, which are roughly consistent with the preliminary volume of 5142 m3 estimated from the digital surface model
(Fig. 7a).
Three-component spectrograms from the TDCB station
are shown in Fig. 7b. Based on our simple typology of the
physical process, the spectrogram of TDCB was used, and its
physical process can be divided into three parts: (i) the pulselike features that can be observed during the period from
01:09:25 to 01:09:38 UTC (green rectangle in Fig. 7b), corresponding to multiple rockfalls; (ii) the emergent columnshape spectrogram (01:09:38 to 01:09:45 UTC in Fig. 7b) relates to the rock toppling process with mass impacting and/or
impact of the boulder rock mass; and (iii) the process finally
turned to the complex interactions between the fragmented
rock mass and propagation surface with the PSD dominating
over 2 Hz of the IRM phase.
To examine the aforementioned physical processes, we
obtain the video released by the DGH. At the beginning
of the video (the first 15 s), the motion type of the rock
mass includes rolling, bouncing, and impacting the hillslope
and road surface. The massive rock mass then topples (18 s;
Fig. 7c) and hits the slope (19 s), and finally raises a cloud
of dust (after 19 s). After aligning the time point (19 s in the
video to 01:09:42 UTC) of the peak PSD value with the significant impact inferred from the video, the above spectrogram features are consistent with the motion behaviors extracted from the video, except for the IRM phase. Based on
the photos captured by the drones (Fig. 7a), the runout distance is around 200 m, which implies that the mass material
continued to move rather than just stop, so it generated a continuous signal of 50 s.
Notably, the real-time broadband waveforms from five stations (CLAB, XAMB, WLUB, ELDB, and SYNB, shown
in Fig. 1c) distributed along the southern provincial highway and one station (YULB) outside the Sinwulyu catchment are ready for real-time implementation. Based on the
flowchart of the GeoLoc scheme shown in Fig. 2, we first
fixed a band-pass filter of 1–8 Hz, which can be applied to
most events in this catchment, except for one single boulder impact (Event S5). Certain thresholds of ML /MD (0.85)
https://doi.org/10.5194/esurf-9-505-2021
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Figure 7. The field photo, spectrograms, and time-lapse photos from a video of a recent RSF on the 12 June 2020. (a) Field photo of the event.
The gradient color is the elevation difference between the DTM originating from lidar in 2012 and the digital surface model (DSM) derived
from a drone survey after the event. The main body is considered as the elevation difference larger than 3 m. (b) The spectrograms of three
components. The top-left corner of the spectrograms shows the station name with the components. The purple axis below the spectrograms
indicates the time points from the video. (c) Time-lapse photos from the video corresponding to the physical process of rockfall (left panel)
and toppling (right panel). The seconds shown in the top-left corner indicate a time tag in the video.

and propagation distance (10 km; see Fig. S8) are used to
ensure successful source discrimination. Two scaling lines
established in this study are available for rapid volume estimation. However, manual checks are still needed to obtain
the signal duration (required for calculating MD ) and physical process, which can easily be automatized by machinelearning-based classification approaches. Since June 2020,
the GeoLoc-based monitoring system has been in operation
online and is under testing.
5

Conclusions

The GeoLoc scheme has been developed to successfully
study 10 RSFs using the seismic signals from permanent and
temporary seismic networks, and it provides estimations of
the location and associated seismic parameters of the events,
namely A0 , α, ML , and MD . For the source discrimination,
a certain ML /MD threshold of 0.85 can essentially classify
the sources of RSFs and earthquakes in Taiwan. We further
built two regression equations for the V −A0 and V −ML relations, which are crucial for estimating the lower bound of
source volume after an event occurrence. By analyzing the
videos and seismic signals from the nearest station with an
https://doi.org/10.5194/esurf-9-505-2021

epicenter distance of less than 2.5 km, we can comprehensively understand the main physical processes that control
the seismic signals’ features. For example, the characteristics
in spectrograms induced by the multiple rockfalls, the impact of boulder mass (similar to toppling), and the complex
interactions between the rock mass and propagation surface
that exhibit pulse-like, column-shaped, and V-shaped features, respectively. The aforementioned threshold and limitation are applicable to monitor RSFs in Taiwan; however,
for other areas with different geological backgrounds, these
values should be varied.
In practice, for events with location quality levels A and B,
we can provide information on the source location, volume
estimate, and physical process within a short time. For events
with quality level C, only the physical process from the spectrogram features can be retrieved. The result of this research
is vital for the government to carry out effective emergency
responses after an RSF occurrence. Rapid estimation of location and volume would be helpful for effective road control
and hazard management. The physical process also delivers
a useful message to engineering geologists in order to promote a better understanding the failure mechanisms of RSFs
and to aid in designing slope protection plans. Before imple-
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menting the GeoLoc scheme in real time, a detailed geological survey is necessary in order to better understand potential
failure mechanisms and highlight high-risk slopes. Currently,
the GeoLoc scheme shown in Fig. 2 has already been adopted
in the Sinwulyu catchment, which is a high-risk area with respect to RSFs in Taiwan, and it could be readily applied in
other places with high RSF activity around the world.

no. SWCB-109-11-1-01-0001(21)); and the Academia Sinica, Taiwan (grant no. AS-TP-108-M08).

Data availability. Waveform data for this study were pro-

References

vided by the Broadband Array in Taiwan for Seismology
(BATS; https://doi.org/10.7914/SN/TW, Academia Sinica,
Institute of Earth Sciences, 1996.) and the Central Weather
Bureau (CWB), Taiwan. The raw seismic data of the temporal network used in this study are available through
Figshare (https://doi.org/10.6084/m9.figshare.12203258; Chang,
2020) as is the video record of the event on 12 June 2020
(https://doi.org/10.6084/m9.figshare.13168427.v1;
Chang,
2021). The digital terrain model (DTM) of Taiwan is available from the Government Open Data Platform, Taiwan
(https://data.gov.tw/dataset/35430; Ministry of the Interior,
2021).

Supplement. The supplement related to this article is available
online at: https://doi.org/10.5194/esurf-9-505-2021-supplement.

Author contributions. JMC performed the seismic data analysis

and location inversion. WAC developed the hybrid method (GeoLoc) and assisted in implementing the location inversion. JMC
and WAC deployed and maintained the seismic array. HC helped
to coordinate the deployment of the seismic array. YTK and CMY
conducted a series of field studies for RSF events. All authors contributed to the dataset compilation, interpretation, and writing the
paper.

Competing interests. The authors declare that they have no con-

flict of interest.

Acknowledgements. This research was supported by the Higher

Education Sprout Project of the National Chiao Tung University and
the Ministry of Education (MOE), Taiwan. The authors acknowledge the Sinotech Disaster Prevention Technology Research Center for providing the failure volume data for Event N 1; the Directorate General of Highways (DGH), Taiwan, for the rockfall inventory, field photo, and video; and CWB for the earthquake inventory.
Last, we thank editors, Niels Hovius and Claire Masteller, Andrea
Manconi, and one anonymous reviewer for constructive comments,
which significantly improved the paper.

Financial support. This research has been supported by the Ministry of Science and Technology, Taiwan (grant no. 108-2636M-009-005); the Central Geological Survey, Taiwan (grant no.
B10923); the Soil and Water Conservation Bureau, Taiwan (grant

Earth Surf. Dynam., 9, 505–517, 2021

Review statement. This paper was edited by Claire Masteller and

reviewed by Andrea Manconi and one anonymous referee.

Academia Sinica, Institute of Earth Sciences: Broadband Array in
Taiwan for Seismology, Institute of Earth Sciences, Academia
Sinica, Taiwan, https://doi.org/10.7914/SN/TW, 1996.
Aki, K. and Ferrazzini, V.: Seismic monitoring and modeling of
an active volcano for prediction, J. Geophys. Res., 105, 16617–
16640, https://doi.org/10.1029/2000JB900033, 2000.
Chang,
J.-M.:
Seismic
data.rar,
https://doi.org/10.6084/m9.figshare.12203258, 2020.
Chang, J.-M.: Movie for rock slope failure, available at:
https://figshare.com/articles/media/Movie_for_rock_slope_
failure/13168427/1, last access: 2 June 2021.
Chao, W. A., Wu, Y. M., Zhao, L., Chen, H., Chen, Y. G.,
Chang, J. M., and Lin, C. M.: A first near real-time seismology based landquake monitoring system, Sci. Rep., 7, 43510,
https://doi.org/10.1038/srep43510, 2017.
Chen C. H., Chao, W. A., Wu, Y. M., Zhao, L., Chen, Y.
G., Ho, W. Y., Lin, T. L., Kuo, Y. T., and Chang, J.
M.: A seismological study of landquakes using a real-time
broadband seismic network, Geophys. J. Int., 194, 885–898,
https://doi.org/10.1093/gji/ggt121, 2013.
Crespi, J. M., Chan, Y. C., and Swaim, M. S.: Synorogenic extension andexhumation of the Taiwan hinterland, Geology, 24, 247–250, https://doi.org/10.1130/00917613(1996)024%3C0247:SEAEOT%3E2.3.CO;2, 1996.
Dammeier, F., Moore, J. R., Haslinger, F., and Loew, S.:
Characterization of alpine rockslides using statistical analysis of seismic signals, J. Geophys. Res.-Earth, 116, F04024,
https://doi.org/10.1029/2011JF002037, 2011.
Deparis, J., Jongmans, D., Cotton, F., Baillet, L., Thouvenot, F., and
Hantz, D.: Analysis of rock-fall and rock-fall avalanche seismograms in the French Alps, B. Seismol. Soc. Am., 98, 1781–1796,
https://doi.org/10.1785/0120070082, 2008.
Dietze, M., Turowski, J. M., Cook, K. L., and Hovius, N.:
Spatiotemporal patterns, triggers and anatomies of seismically detected rockfalls, Earth Surf. Dynam., 5, 757–779,
https://doi.org/10.5194/esurf-5-757-2017, 2017.
Ekström G. and Stark, C. P.: Simple scaling of catastrophic landslide dynamics, Science, 339, 1416–1419,
https://doi.org/10.1126/science.1232887, 2013.
Fuchs, F., Lenhardt, W., Bokelmann, G., and the AlpArray
Working Group: Seismic detection of rockslides at regional
scale: examples from the Eastern Alps and feasibility of
kurtosis-based event location, Earth Surf. Dynam., 6, 955–970,
https://doi.org/10.5194/esurf-6-955-2018, 2018.
Helmstetter, A. and Garambois, S.: Seismic monitoring of Séchilienne rockslide (French Alps): Analysis of seismic signals and
their correlation with rainfalls, J. Geophys. Res.-Earth, 115,
F03016, https://doi.org/10.1029/2009JF001532, 2010.

https://doi.org/10.5194/esurf-9-505-2021

J.-M. Chang et al.: Locating rock slope failures along highways and understanding their physical processes
Hibert, C., Mangeney, A., Grandjean, G., Baillard, C., Rivet, D.,
Shapiro, N. M., Satriano, C., Maggi, A., Boissier, P., Ferrazzini, V., and Crawford, W.: Automated identification, location, and volume estimation of rockfalls at Piton de la
Fournaise volcano, J. Geophys. Res.-Earth, 119, 1082–1105,
https://doi.org/10.1002/2013JF002970, 2014.
Hibert, C., Malet, J.-P., Bourrier, F., Provost, F., Berger, F., Bornemann, P., Tardif, P., and Mermin, E.: Single-block rockfall
dynamics inferred from seismic signal analysis, Earth Surf.
Dynam., 5, 283–292, https://doi.org/10.5194/esurf-5-283-2017,
2017.
Hungr, O., Leroueil, S., and Picarelli, L.: The Varnes classification of landslide types, an update, Landslides, 11, 167–194,
https://doi.org/10.1007/s10346-013-0436-y, 2013.
Jones, G. A., Kulessa, B., Doyle, S. H., Dow, C. F., and Hubbard, A.: An automated approach to the location of icequakes
using seismic waveform amplitudes, Ann. Glaciol., 54, 1–9,
https://doi.org/10.3189/2013AoG64A074, 2013.
Kao, H., Jian, P. R., Ma, K. F., Huang, B. S., and Liu, C. C.:
Moment-tensor inversion for offshore earthquakes east of Taiwan and their implications to regional collision, Geophys. Res.
Lett., 25, 3619–3622, https://doi.org/10.1029/98GL02803, 1998.
Kumagai, H., Palacios, P., Maeda, T., Barba Castillo,
D., and Nakano, M.: Seismic tracking of lahars using
tremor signals, J. Volcanol. Geoth. Res., 183, 112–121,
https://doi.org/10.1016/j.jvolgeores.2009.03.010, 2009.
Kuo, C. H., Wen, K. L., Lin, C. M., Hsiao, N. C., and Chen, D. Y.:
Site amplifications and the effect on local magnitude determination at stations of the surface–downhole network in Taiwan, Soil
Dyn. Earthq. Eng., 104, 106–116, 2018.
Lai, T. S., Mittal, H., Chao, W. A., and Wu, Y. M.: A Study on
Kappa Value in Taiwan Using Borehole and Surface Seismic Array, B. Seismol. Soc. Am., 106, 1509–1517, 2016.
Le Roy, G., Helmstetter, A., Amitrano, D., Guyoton, F., and Le
Roux-Mallouf, R.: Seismic analysis of the detachment and impact phases of a rockfall and application for estimating rockfall
volume and free-fall height, J. Geophys. Res.-Earth, 124, 2602–
2622, https://doi.org/10.1029/2019JF004999, 2019.
Levy, C., Jongmans, D., and Baillet, L.: Analysis of seismic signals recorded on a prone-to-fall rock column (Vercors massif, French Alps), Geophys. J. Int., 186, 296–310,
https://doi.org/10.1111/j.1365-246X.2011.05046.x, 2011.
Manconi, A., Picozzi, M., Coviello, V., de Santis, F., and Elia, L.:
Real time detection, location, and characterization of rockslides
using broadband regional seismic networks, Geophys. Res. Lett.,
43, 6960–6967, https://doi.org/10.1002/2016GL069572, 2016.
Ministry of the Interior, R.O.C.(Taiwan): 20 meter DTM, available
at: https://data.gov.tw/dataset/35430, last access: 2 June 2021.
Ogiso, M. and Yomogida, K.: Estimation of locations and
migration of debris flows on Izu-Oshima Island, Japan,
on 16 October 2013 by the distribution of high frequency seismic amplitudes, J. Volcanol. Geoth. Res., 15–26,
https://doi.org/10.1016/j.jvolgeores.2015.03.015, 2015.
Petley, D.: Geomorphological mapping for hazard assessment in a neotectonic terrain, Geogr. J., 164, 183–201,
https://doi.org/10.2307/3060369, 1998.

https://doi.org/10.5194/esurf-9-505-2021

517

Röösli, C., Walter, F., Husen, S., Andrews, L. C., Lüthi, M. P., Catania, G. A., and Kissling, E.: Sustained seismic tremors and icequakes detected in the ablation zone of the Greenland ice sheet, J.
Glaciol., 60, 563–575, https://doi.org/10.3189/2014JoG13J210,
2014.
Saló, L., Corominas, J., Lantada, N., Matas, G., Prades, A.,
and Ruiz-Carulla, R.: Seismic energy analysis as generated by impact and fragmentation of single-block experimental rockfalls, J. Geophys. Res.-Earth, 123, 1450–1478,
https://doi.org/10.1029/2017jf004374, 2018.
Shin, T. C.: The Calculation of Local Magnitude from the simulated Wood-Anderson Seismograms of the Short-Period Seismograms in the Taiwan Area, Terr. Atmos. Ocean. Sci., 4, 155–170,
https://doi.org/10.3319/TAO.1993.4.2.155(T), 1993.
Suriñach, E., Vilajosana, I., Khazaradze, G., Biescas, B., Furdada, G., and Vilaplana, J. M.: Seismic detection and characterization of landslides and other mass movements, Nat. Hazards Earth Syst. Sci., 5, 791–798, https://doi.org/10.5194/nhess5-791-2005, 2005.
Varnes, D. J.: Slope movements: Types and processes, in: Landslide
Analysis and Control, edited by: Schuster, R. L. and Krizek, R.
J., Spec. Rep. 176, Transp. Res. Board, Natl. Acad. Sci., Washington, DC, pp. 11–33, 1978.
Vilajosana, I., Suriñach, E., Abellán, A., Khazaradze, G., Garcia,
D., and Llosa, J.: Rockfall induced seismic signals: case study in
Montserrat, Catalonia, Nat. Hazards Earth Syst. Sci., 8, 805–812,
https://doi.org/10.5194/nhess-8-805-2008, 2008.
Walsh, B., Jolly, A. D., and Procter, J.: Calibrating the amplitude source location (ASL) method by using active seismic
sources: An example from Te Maari volcano, Tongariro National Park, New Zealand, Geophys. Res. Lett., 44, 3591–3599,
https://doi.org/10.1002/2017GL073000, 2017.
Walter, F., Burtin, A., McArdell, B. W., Hovius, N., Weder, B., and
Turowski, J. M.: Testing seismic amplitude source location for
fast debris-flow detection at Illgraben, Switzerland, Nat. Hazards
Earth Syst. Sci., 17, 939–955, https://doi.org/10.5194/nhess-17939-2017, 2017.
Wu, Y. M., Chang, C. H., Zhao, L., Shyu, J. B. H., Chen, Y.
G., Sieh, K., and Avouac, J. P.: Seismic tomography of Taiwan: improved constraints from a dense network of strongmotion stations, J. Geophys. Res.-Sol. Ea., 112, B08312,
https://doi.org/10.1029/2007JB004983, 2007.
Zhang, Z., He, Z., and Li, Q.: Analyzing high-frequency seismic signals generated during a landslide using source discrepancies between two landslides, Eng. Geol., 272, 105640,
https://doi.org/10.1016/j.enggeo.2020.105640, 2020.
Zimmer, V. L. and Sitar, N.: Detection and location of rock falls
using seismic and infrasound sensors, Eng. Geol., 193, 49–60,
https://doi.org/10.1016/j.enggeo.2015.04.007, 2015.
Zimmer, V. L., Collins, B. D., Stock, G. M., and Sitar, N.: Rock
fall dynamics and deposition: An integrated analysis of the 2009
Ahwiyah Point rock fall, Yosemite National Park, USA, Earth
Surf. Processes, 37, 680–691, https://doi.org/10.1002/esp.3206,
2012.

Earth Surf. Dynam., 9, 505–517, 2021

